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Zika and dengue
are transmitted
by the Aedes
agegypti mosquito
and infect 100-
400 million

people annually.




The basic reproduction
number, Ry, is a -
measurement of e
epldemlc potential. It
is defined as the
number of secondary
infections expected
from a single infection
in a fully susceptible
nopulation.




Zika and dengue risks (Ry) peak at high
temperatures relative to other vector-borne diseases
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Due to climate change and previous Zika outbreaks, Brazil is at
particular risk for Zika re-emergence. However, temperature-driven
risk isn’t homogenous throughout the country.
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Research Questions & Goals

* Investigate how temperature changes driven by climate change will
impact Zika risk in Brazil over a 30-year period.

* Understand temporal heterogeneity in risk (i.e., year-round and year-
to-year) over various climatic regions.

* Use prior understanding of dengue risk to contextualize the results.



Methods
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To look at a diverse set of climates, we included
Manaus, Recife, Rio de Janeiro and Sao Paulo

Brazil map of Képpen climate classification
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Results & Discussion
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Projection of seasonal epidemic potential
Ro(T(t)) by 2045-2049
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Extended risk seasons for cities that don’t
currently have year-round transmission potential
such as Rio de Janeiro.
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Large heterogeneity year-to-year and between
SSP scenario
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Risk reduction only occurs in extreme climates
and over short periods of time
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Conclusion

* Our model shows increase in risk by 2045-
2049 even in the most mitigated climate
change scenario \ '

e,

* National-level preparation should include
enhanced surveillance equipped for
extended and earlier risk seasons



Thank youl!
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